Weekly Report

1. R

KERBETEFKD idea. B A idea WABERE LAMELHE. AT TEHM idea,
1L idea BEZHERIE, BHFA—P AR TERZITENRNE.
(1)  FNFEEITIE T AL X idea
(2) 1RX T —1 idea evaluation 255 I

2. ¥ idea 2=

WA TEREITENARE, BHE—FPTE TR idea, FMBRT =7 idea FER
ZHENRNE. FARNBINIEELZITH idea evaluation PPT, F 553 idea o] PR IT E i3
—SMENTRURIT T EAATREISEFHRR. T—THITHIE:

1) RIFEZ IO RIFHE—FTE idea;

2) BEEEMNEAREIR, LHEEZR.

3. XK

REREXRRA T EBRFEITEMNEGR, XEZRDAIMNETER. TEEE. KEiE
HFRERTEF S,

3.1 EBEIFH @AY survey

1) {Not-so-supervised: A survey of semi-supervised, multi-instance, and transfer learning in
medical image analysis)
AN XRENTREET R EBHINE, TEXB=ZMEARBREIERE A6

(1) $WEFS; (2) ZXHEIZT (Multiple Instance Learning, MIL); (3) FB23, &
X T XA R, ST X=MRARENNSE R, 73 ETEGUEARX
LERARNHRM T DREAHER
X=FFR AR, NFEBEIETS, KRR task F domain BIARE, BEBFEIDH=
F: (1) domain [E task AN[E), multiple tasks % 3J; (2) domain A [ETm task @, instance
transfer (R ARG ALE, IR ERNEE), (3) domain R[E H task th AR E,
feature transfer (pretrain, feature extraction ={ further training) . #EINEEREE K7
FESRSELNRI,
A ANE T HIEBF I T ENAIR,
2) {CueFlik: Interactive Concept Learning in Image Search)
BONMRZEHET AR E P ROIZE WL RN NG ES . AXIRE T —F active learning
7%, BT

activedistance(i) = (mindistp + mindisty) * abs(mindistp — mindisty)

1B R HlT 2 BRI AR IR R VISR,
3) (Transfer learning using computational intelligence: A survey)
AXEE T EATESENIHFE S AXABREIREEN BB &, 15T B afEAR T
W ATmE: (1) EBIAMR, (2) BFRCEAR, (3) FHIERR(representation) 777k, (4)
BETRENFEITE. AXTERE T =ZAMRAREFINEIHFS: (1) BETERBENEN
EFF>] (parameter, multi-task) , (2) EFRITETAERF S (BENMTETNE L), (3) £F



BERIE T E S (AR EEHEREMMEE BERMIERNTRHF I TE) | it
EEE T EFTESRNIBFEINNA.

4) A survey of transfer learning for collaborative recommendation with auxiliary data)
ANERKT BT ARBNHPEIRELIAIK SR (collaborative recommendation)
B, AXMHIREBREEHER (ERAIR. &R BEMA) MAMIRTHERE (loss.
regularization. constraint) XM MERREEE N LRI, AXIRE 7T —LF IAHEBEESX
B ABEEBEESREXLHEMEEXDREARNEERETZ (BTEXREXRAH
i, HPAXEFRERETENDE).

SHBEENH, KXMEEDHE CKOTEREDB) NRERALRZ survey, TFRED
BEBERFAEBKE, AEMERGAMZNEZZ—MREM (intrinsic) BIFRIX, AXFER
G HERE [0 LAY transfer learning FE L AR E0 T B FRAG[) R

min &6, K|R, A)+R(OI K, A)+R(K),
st. @el(K,A), (1)

RIEEBRAD ATWE, —KZR A regularization, H—KNZ@EIT constraint,

Adaptive knowledge transfer: iIE#%ZEUAIE S pattern, Collective knowledge transfer: £
FEHRBUAE (s (o) B A6 (XFPTERRAES—H, BFERERREGTIEZEM, X
EBEABITFFH, ERBEEEEREZIZARBITIUELIER). Integrative knowledge
transfer XFR AKX T L EMESERBBEESG T E. BEEEDNEMXAESIA
loss. SINIERMMEIN (BEATEFRINTTE) . SIN—ERE] (APSIMNIRBIFFXK) .

3.2 EBFEITNENEAFILEX

FIAA ICML2019 B93CE=ZFN instance transfer IR S RBEM TEER AR, Eitt

RETKREBAMIATENAS. REF —MEE—E8EEUMRER, EZHBXEHEE
PN &
5) {META-LEARNING UPDATE RULES FOR UNSUPERVISED REPRESENTATION LEARNING)
AXANATEIFHINEGELREFEING S, BAERKEZIZATHENZSINN,
bR T —FnE S F5k, BIEEEZINANCIEEERIFEIMNOE, AHET
AR INEMARERELEENETANNSEH, 0E 1, ERIEFKRE. XBEXERKIA
ARRIMARE., ICML LR XHANFRAEREE, Te—BXERRA— <.

outer loop / meta-training

update
UnsupervisedUpdate
| with gradient descent

o o o =y

update
base model with
__UnsupervisedUpdate |

compute
MetaOkjective

[' unlabeled
data
3
base modal

1
6) {Transfer Learning via Learning to Transfer)
In transfer learning, “what” and "how” to transfer are two primary issues to be addressed.
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